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Fig 1: The definition of the moving sensor position

zt,y%) and orientation ¢! in global coordinate system.
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Fig 2: Result of localization and automatically map
building.
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Localization of a Moving Sensor by Particle
Swarm Optimization

Minoru ITO

ABSTRACT: Evolutionary computing techniques are applied to the localization problem of a
mobile robot. In this research, we apply particle swarm optimization (PSO) to the localization
problem of a moving sensor. We also show some preliminary results using raw data and discuss

the availability of our localization algorithm for the future applications.
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